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Programming:
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Machine Learning:

a NumPy
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https://webis.de/lecturenotes.html#part-bayesian-learning
https://webis.de/lecturenotes.html#part-machine-learning-intro
https://webis.de/lecturenotes.html#part-machine-learning-basics
https://webis.de/lecturenotes.html#part-linear-models

Curation: MLANLP (continued)
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Neural Networks

Perceptron Learning

Deep Learning Sequence
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Advanced MLPs

Recurrent Neural Networks
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The road to Large Language Models (LLMS):

N o o s~ 0=

Logistic regression

Perceptron with sigmoid activation
Multilayer perceptron (MLP)

Recurrent neural networks (RNN)
Statistical machine translation (SMT)
SMT with RRNs

Transformer (attention, position encoding)


https://webis.de/lecturenotes.html#part-neural-networks
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